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Transformari ale imaginiloi

In general, putem spune ca tran
adreseaza:

ochiului uman, pentru a put
caracteristici ale imaginii studiate, S

prelucrarii automate in scopul recunos

Scopul transformarilor
obtine anumite structuri

necesare recunoasterii

In analiza imaginilor, «
caracteristicilor in scopul
de o alti etapa si ant
determinatrea con
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Determinarea conturului este
tip 2 (alb-negru) In iImagine c
dupa clasificarea data in [6].

Muchiile, care caracterizeaza
fiind descris prin muchit), sunt utile 1
(clasificarea Tn cazul rep ilor codif

Muchiile sunt loca
de gri.

In imaginile alb-nec
(pixel) de culoare
vecinatate.
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In rezolvarea aceste prob

a) Conexitatea, adica

Putem conside
vecini ( pe cele pé

fereastra ecran (V

sau opt vecini :
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1. Determinarea conturului

Daca imaginea
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De exemplu P € Conturului

*  Culoare(P)=Negru si
*  |{Q € V,(P) / Culoare(Q)=A
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c) Obtinerea descrierii contu
determinate.

Multimea punctelor P dete
prin parcurgerea acestel din

comenzilor de descriere, adice
incepand cu un punct ales din co
stanga-sus), pana se revine la put
poate deplasa.

Daca mal exista

netraversate se con
descriere si asa mai (
avea 0 multime de I1-c
deci un I1-limbaj (asa
in figura alaturata unde
de descriere '

. 1. Determinarea conturului
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2. Scheletizare

Obiectele sau scenele pot fi de
compuse din diferite elemente (lir
recunoasterea caracterelor,
norilor, etc., sunt necesare tra

scopul obtinerii unei descrieri a ob

Vom studia doua clase lgoritmi:

de scheletizare si
de subtiere.

Intuitiv, putem sa
find multimea pu
intalnesc cel p olif:

Al

Co Jieac
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Senolaz e

Practic, scheletul unui obiect Ol

punctelor PeOb pentru care distante
punct de pe contur (notata cu &(P))

Algoritmul de determinare @
urmatorul: ‘
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2 Scheletizare

Reconstituirea obiectului plec
poate realiza utilizand formula

Reconstituirea
practic prin desena
centru P si ra

flecare punct P«
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Algoritmii de sut

12/19



,'//////’,f’,

Strategia acestor algoritmi poa

punctele P € Ob m Contl
marginea sau frontiera
urmatoarele conditii:
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3 Subtiere

P.,....P,=QeODb astfeli

Obs.:Extremitatile arcelor sub
algoritmi.
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Punctul PeOb se poate ¢
sunt indeplinite:

« 2<Nv(P)<6
= daca Nv(P)=1 atunci P €
deci nu se poate elimina, I:

= daca Nv(P)>6 &
deci AuU Se poE
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Realizati urmatoz
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http://www.mas.ecp.fr/Personnel/lilla/classes/image_processing/index.html
http://eeweb.poly.edu/~onur/lectures/lectures.html
http://www.onlinecomputerbooks.com/view.php?book=www.multiresolution.com/cupbook.pdf&t=Image+Processing+and+Data+Analysis:+The+Multiscale+Approach
http://www.onlinecomputerbooks.com/view.php?book=www.multiresolution.com/cupbook.pdf&t=Image+Processing+and+Data+Analysis:+The+Multiscale+Approach
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http://www.amazon.com/Digital-Image-Processing-Rafael-Gonzalez/dp/0201180758
http://www.amazon.com/Digital-Image-Processing-Rafael-Gonzalez/dp/0201180758
http://www.amazon.com/Digital-Image-Processing-Rafael-Gonzalez/dp/0201180758
http://www.amazon.com/Digital-Image-Processing-Rafael-Gonzalez/dp/0201180758
http://www.amazon.com/Digital-Image-Processing-Rafael-Gonzalez/dp/0201180758
http://www.amazon.com/Digital-Image-Processing-Rafael-Gonzalez/dp/0201180758
http://www.amazon.com/Digital-Image-Processing-Rafael-Gonzalez/dp/0201180758
http://www.amazon.com/Digital-Image-Processing-Rafael-Gonzalez/dp/0201180758
http://www.amazon.com/Digital-Image-Processing-Rafael-Gonzalez/dp/0201180758
http://www.amazon.com/Geoff-Dougherty/e/B001JSE0DA/ref=ntt_athr_dp_pel_1
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http://vision.caltech.edu/~mmaire/papers/pdf/mmaire_thesis.pdf
http://www.eecs.berkeley.edu/~yunsup/papers/iccv2009.pdf
http://www.eecs.berkeley.edu/~yunsup/papers/iccv2009.pdf
http://www.eecs.berkeley.edu/~yunsup/papers/iccv2009.pdf
http://www.eecs.berkeley.edu/~yunsup/papers/iccv2009.pdf
http://www.cs.berkeley.edu/~arbelaez/publications/amfm_pami2011.pdf
ftp://ftp.math.hkbu.edu.hk/pub/techreport/math353.ps
http://www.ijcaonline.org/volume25/number5/pxc3874109.pdf

